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The Regression Line

e2]

Regression

Regression is a statistical technique for finding the

best-fitting “line” for a set of data.

The result is called a regression line.
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Simple Linear Regression

Simple linear regression is a procedure for finding
the best fitting straight line for a set of data using a
single predictor variable.

The result is called the linear regression line.
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One Predictor Linear Regression Model
(Population Model)
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Least Squares

e

A approach to fitting a model (line) to
data where the sum of the squared
distances to the data is minimized
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Least Squares

A approach to fitting a model (line) to
data where the sum of the squared
distances to the data is minimized

M Always Produces Unbiased Estimators
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Linear Least Squares Criterion
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